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Table 1. Data capture techniques with their main strength and weakness in the

context of tourism and urbanism studies.

Data capture

Strength

Weakness

Example of application

Land use and
census data

Applicable to many scales
and over long time period

Infrastructure and service
based, static view of
urban dynamics

Estimate the tourism
intensity of an area

Manual surveys

Capture high-level
information such as
motivations and reasons for
stay in specific areas

Very costly and applies to
limited time periods

Capture the motivation for
visiting and length of stay

MNear-field
communication

Precise real-time mobility
data

Costly Infrastructure
deployment

Describe the social and

spatial characteristics of
space (Kostakos et al |

2008)

GPS logs Precise mobility data Does not scale well if Cluster tourist routes
deployed for the purpose (Asakura and Iryob, 2007)
of a survey alone_ limited
in time and participants

Cellphone Timely mobility data, Does not scale well if Context-Aware Experience

(device-based)

potentially augmented with
in-situ survey

deployed for the purpose
of a survey alone. limited
in time and participants

Sampling to capture the
experience in-situ.
(Froehlich et al. 2006)

Cellphone
(aggregated
netwark-based)

Use existing infrastructure to
provide real-time density
and mobility data, covering
multiple geographic scales
(neighbourhood, city,
country)

Reveal large-scale
phenomena but do not
explain the reasons

Real-time traffic detection
{Yim, 2007)

User-generated
content

Exploit publicly available
data with no need for
deployment or pre-existing
infrastructure

Credibility of information
and no systematic
coverage

Reveal flows of
photographers (Girardin et
al. 2008)

Girardin, F. et al.

“Digital Footprinting:
Uncovering Tourists with
User-Generated Content.”
Pervasive Computing,
IEEE 7.4 (2008): 36-43. ©
2008 Institute of
Electrical and Electronics

Engineers. s
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Novel methods and tools are being developed to explore the significance
of the new types of user-related spatio-temporal data. This approach helps
uncover the presence and movements of tourists from cell phone network
data and the georeferenced photos they generate.

22 BT R -
Girardin, F. et al. “Digital Footprinting: Uncovering Tourists with User-Generated

Content.” Pervasive Computing, IEEE 7.4 (2008): 36-43. © 2008 Institute of Electrical
and Electronics Engineers.
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Figure . Geovisualizations of the presence of (left) 932 tourist photographers and (right)
520,000 phone calls from foreign mobile phones in the Coliseum and Piazza della Repubblica
area from September to November 2006. Both types of data cover the train station area in the, f;i,
.. . . . . v B
proximity of the Piazza della Republica. The values in each cell are normalized. _ap
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Figure 5. Spatial distribution of photographers (in yellow) and photos (in red) in
Summer 2006, 2007, and 2008 in Lower Manhattan and West Brooklyn.
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Figure 1: User Location History Distributions. n-m;?'
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period (June-August) in 2004. Correlations are shown at significant level of p < 0.05
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